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Recipe Recommendation Method Integrating Attention Mechanism

DONG Hao, HUANG Wen—qing, LI Fei-long, JIANG Shan
(Zhejiang Sci—Tech University , School of Information and Technology, Hangzhou 310000, China)

Abstract: In view of the existing recipe recommendation algorithms that do not fully utilize the interaction between users and recipes,
a recipe recommendation algorithm based on heterogeneous network embedding of attention attributes was proposed. Firstly, one—hot
coding is used to convert recipes into node features. Secondly, feature is transformed into feature embedding and base embedding of
nodes through transformation function; at the same time, attention mechanism is used respectively in the same type of edge and be-
tween different types of edge to learn the preference weight of different users under different types of interaction during node aggrega-
tion, and the edge embedding of nodes is generated. The three kinds of embeddings are added to obtain the complete embedding of
nodes. Finally, negative sampling optimization is carried out through random walk based on meta—path and skip—gram model to dig out
the potential interaction possibility between nodes and finally complete the diet recommendation. Experiments are carried out with
10000 interactive data from the kitchen dataset. The results show that the ROC, PR and F1 values of the algorithm are improved by
2.5%, 2.8% and 2.3% respectively compared with the current leading algorithm.
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Fig. 1 Examples of common user’s interaction with recipes
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Fig.4 Convergence performance of the model
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